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Change calculate method to return the product of two
integers.
‘ffjava
public class Main {
public static void main(String args[]) {
int sum = calculate(3, 4);
System.out.println(sum);

}

public static int calculate(int numl, int num2) {
return numl + num2;

}
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Change printAllItems method to print the array in
reverse order.
‘ffjava
public class Main {
public static void main(String args[]) {
String items[] = {"apple", "banana", "cherry"};
printAllItems(items);
}

public static void printAllTltems(String[] items) {

for (int i = 0; 1 < items.length; i++) {

System.out.println(items[i]);
}
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