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Suppose we have a sequence of non—negative
integers , Namely a_1, a_2, ,a_n. At each
time we can choose one term a i with 0 < i < n
and we subtract 1 from both a_i and a_i+1. We
wonder whether we can get a sequence of all
zeros after several operations.

(a) M

n , k = map ( int , input ( ) . split ( ) ) &n a =
list ( map ( int , input ( ) . split () ) ) &n a .
sort ( ) &n ans = O &n for i in range ( k ) : &n &
indent if a [ i ] == a [ i - 1 ] : &n &indent &indent

ans += 1 &n &indent &dedent print ( ans ) &n
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Len = int (input())
List = list(map(int, input().split()))
assume = True
res = 0
for i in range(Len):
res = List[i] - res
if res < 0O:
assume = False
break
if assume and res == 0:
print ("YES")
else:
print ("NO")
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suppose we have sequence of non—negative
integer , namely a_1, a_2,..., a_n. at each time
we can choose one term a_ i with 0 < i < n and
we subtract 1 from both a_i and a_i+1. we
wonder whether we can get sequence of all zero
after several operation.
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n , k = map ( int , imput ( ) . split ( ) )
a = list ( map ( int , input ( ) . split ( ) ) )
a . sort ()
ans = 0
for i in range (
if a [ 1] ==
ans += 1
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print ( ans )
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if(a[-1]==0) : print ("YES")
else:print ("NO")
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